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Announcement

On Thursday this week, we will work together on writing a
referee report for Vyborny et al. (2024) Why don’t jobseekers
search more?.
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https://drive.google.com/file/d/1t-OgmcTQboDw0i0tXg-tKn8LIHnuVVnA/view
https://drive.google.com/file/d/1t-OgmcTQboDw0i0tXg-tKn8LIHnuVVnA/view


Plan

• Descriptive evidence on workers in low and middle income
countries (LMIC)

• The accumulation of human capital

• Search and matching

• Labor market beliefs
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Roadmap

Descriptive evidence

The accumulation of human capital

Search and matching

Beliefs

Reading
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Bandiera et al. (2022)’s Jobs of the World: a key
resource to do your own exploration
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https://academic.oup.com/jeea/article/20/6/2226/6763595?login=false


1. Poor countries have average-to-high employment
rates; low labor productivity is the issue

From Bandiera et al. (2022)
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https://academic.oup.com/jeea/article/20/6/2226/6763595?login=false


In poor countries, the poor are more likely to work than
the rich; in rich countries, the reverse is true

From Bandiera et al. (2022)
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https://academic.oup.com/jeea/article/20/6/2226/6763595?login=false


Youth employment, however, is an issue

Bandiera et al. 2022b
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https://pubs.aeaweb.org/doi/pdfplus/10.1257/jep.36.1.81


2. Underlying these patterns are profound differences
in (i) sectoral composition, (ii) urbanization, (iii)
education

From Bandiera et al. (2022)
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https://academic.oup.com/jeea/article/20/6/2226/6763595?login=false


And (iv) self-employment and informality are
widespread

From Bandiera et al. (2022)
On informality, see Ulyssea et al 2023.
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https://academic.oup.com/jeea/article/20/6/2226/6763595?login=false
https://voxdev.org/sites/default/files/2024-02/Barriers_search_hiring_urban_labour_markets_Issue_1.pdf


3. Earnings are low, and grow slowly

From Lagakos et al. (2018)
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https://oar.princeton.edu/bitstream/88435/pr11j9771w/1/JPE_lifeCycleWageGrowth.pdf


4. Job instability is high
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And insurance against job loss limited
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5. The search for (formal) wage employment is costly
and time consuming

From Caria, Orkin et al 2024

14 / 59

https://voxdev.org/sites/default/files/2024-02/Barriers_search_hiring_urban_labour_markets_Issue_1.pdf


6. Reliance on social networks is widespread

Social networks are widely used to
• gather information about vacancies;
• obtain referrals to specific employers.

In several labor markets, about half of jobseekers use social
networks for either of these two purposes.

See Caria, Orkin et al 2024 for relevant references.
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https://voxdev.org/sites/default/files/2024-02/Barriers_search_hiring_urban_labour_markets_Issue_1.pdf


One of the most common question policy makers in LMICs
have is: how can I raise employment and wages, especially
among the youth and women.

What answers can we give to these policy makers?
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Roadmap

Descriptive evidence

The accumulation of human capital

Search and matching

Beliefs

Reading
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Alfonsi et al 2020
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https://onlinelibrary.wiley.com/doi/pdf/10.3982/ECTA15959


Design

1. A sample of 1,700 young individuals who applied to a
training program

2. Individual randomization into control, vocational training
(VT), and firm-provided training (FT)

3. Three endline surveys (24, 36 and 48 months after
treatment).

19 / 59



Strong impacts on employment of both VT and FT
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But impacts of VT much more persistent

21 / 59



A job-ladder model to understand this persistence

• Workers have treatment status T and employment type ε.
• Jobs pay r ∗ ε, with r drawn from F(r).
• When unemployed, job opportunities arrive at rate λ0

• When employed, job opportunities arrive at rate λ1

• Jobs are destroyed at rate δ
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The value functions
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Identification
Assume ε = sα: s is measured skills, and α estimated from a
wage equation.

Also, assume the following about remaining parameters and
use maximum likelihood:
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If returns are so high, why are people not investing already?

27 / 59



Roadmap

Descriptive evidence

The accumulation of human capital

Search and matching

Beliefs

Reading
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Abebe et al. 2021
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https://academic.oup.com/restud/article-abstract/88/3/1279/5912023


Two views of exclusion from labor markets: Search
costs vs. Signal quality

Abebe et al. 2021 experimentally evaluate two programs:

1. a job application workshop
2. a transport treatment

The hypothesis is that treated subjects will search more
intensely and effectively, leading to improved employment
outcomes.
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https://academic.oup.com/restud/article-abstract/88/3/1279/5912023


Design

1. A sample of 3,000 young individuals.
• Good variation in education level, gender, distance from the

city centre, etc..

2. Two endline surveys (8 months and 4 years after
treatment) and fortnightly phone calls for 1 year.

• Key to explore mechanisms.

31 / 59



The Job Application Workshop

It involves two components:

1. Orientation for effective job applications:
CVs, cover letters, interviews and use of the certificates

2. Standardised tests: cognitive, linguistic and mathematical
ability and work sample test.

The cost of the intervention was 18.2 USD per person
(excluding the cost of developing the tests).

The intervention was implemented by AA Commercial College.
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The Transport Treatment

• They offer a monetary reimbursement, available at a
central location, 3 times per week, for an average of 16
weeks.

• Calibrated to cover the cost of a single return trip to the
centre.

• Median = $ 1 , Max = $ 1.50, Min = $ 0.75.

The cost of the intervention was 19.8 USD per person.
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They randomize at the level of geographical clusters
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Conceptual framework: finding a ‘good’ job

Consider a labour market characterised by two frictions:
• Firms are uncertain about worker productivity;
• Workers have to do costly search to be matched to a

vacancy.

Workers match with one vacancy every period t and are offered
a job with probability S.

Employment rates will thus evolve according to:

Et = 1− (1− S)t
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Conceptual framework: hiring in the market for ‘good’
jobs

What determines the probability of being hired S?

yif = xif + εif

xif ∼ N (0, 1)

εif ∼ N (0, σ2)

xif | yif ∼ N
(

yif

1 + σ2 ,
σ2

1 + σ2

)

u(x) = − exp(−rx)
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Predictions: The Job Application Workshop

The firm will hire if and only if yif ≥ 0.5r · σ2.

The workshop will decrease σ2 and thus increase hiring. This
will:

1. Increase permanent employment rates;
2. Increase expected match quality conditional on

employment, E(xi | yi > 0.5rσ2).

Wages will also go up to reflect higher match quality,
possibly with a delay.
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Predictions: the Transport Subsidy

The subsidy enables jobseekers to observe more vacancies.

This can be represented as ‘speeding up time’ by an amount α

Et = 1− (1− S)αt

1. The subsidy will increase permanent employment rates;
2. but expected match quality will not change.
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Predictions: the trajectory of the effects

Both treatments are effective for a limited period of time.

People in the control group continue to find job at the baseline
rate and start catching up after the treatments stop.

This implies that:
1. Impacts on permanent employment rates will dissipate;
2. Impacts on match quality will persist: the jobs found by

control group jobseeker do not have standard match
quality.
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Predictions: heterogeneity with respect to an
observable covariate

(
xif
zi

)
∼ N

((
0
0

)
,

(
1 ρ
ρ 1

))
.

Conditional on xif and zi, the probability of hiring is:

Φ

(
−0.5r · σ +

xif

σ
+

ρσ

1− ρ2 · z
)
.

This probability is decreasing in σ if and only if:

−0.5r −
xif

σ2 +
ρ

1− ρ2 · z < 0.

A reduction in noise is valued by applicants who who have a
worse observable (that is, lower zi).
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Four predictions

1. Both intervention raise permanent employment rates. This
effect is transitory.

2. This result is obtained through different mechanisms: the
subsidy leads to more search and the workshop to more
effective search.

3. The workshop increases match quality and wages. The
transport does not. This effect is permanent.

4. The workshop has strongest impacts for the most
disadvantaged workers.
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Estimation of impacts on endline job outcomes

Using baseline and endline face-to-face surveys, they estimate:

yic = β0 + β1 · transportic + β2 · workshopic

+ γ1 · spillover1ic + γ2 · spillover2ic

+ α · yic,pre + δ · xic0 + µic

→ They correct standard errors at the geographical cluster
level.

→They report false discovery rate q values for pre-specified
families of outcomes (Benjamini et al., 2006).
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Table: Employment outcomes

2015 2018

Control Transport Workshop Control Transport Workshop
Outcome mean mean

(1) (2) (3) (4) (5) (6)

Work 0.562 0.041 0.021 0.693 -0.063* 0.027
(0.029) (0.031) (0.034) (0.031)
[0.397] [0.666] [0.305] [1.000]

Hours worked 26.18 0.268 -0.254 28.26 -2.636* 0.144
(1.586) (1.562) (1.486) (1.404)
[0.946] [1.000] [0.305] [1.000]

Monthly earnings 1,145.0 4.8 71.4 1,533.7 27.1 308.8**
(75.5) (83.9) (100.3) (123.4)
[0.946] [0.656] [0.715] [0.087]

Permanent job 0.171 0.029 0.065*** 0.307 -0.038 -0.011
(0.018) (0.020) (0.025) (0.028)
[0.392] [0.008] [0.305] [1.000]

Formal job 0.224 0.054*** 0.051** 0.319 -0.006 -0.006
(0.019) (0.020) (0.030) (0.030)
[0.033] [0.029] [0.715] [1.000]

Job satisfaction 0.237 -0.001 0.025 0.574 -0.025 0.069*
(0.027) (0.027) (0.036) (0.036)
[0.946] [0.656] [0.586] [0.159]
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What about predictions 2-4?

1. Both intervention raise permanent employment rates. This
effect is transitory.

2. This result is obtained through different mechanisms: the
subsidy leads to more search and the workshop to more
effective search.

3. The workshop increases match quality and wages. The
transport does not. This effect is permanent.

4. The workshop has strongest impacts for the most
disadvantaged workers.

44 / 59



Prediction 2: we find impacts on search intensity and
efficacy

They find that treated individuals:

1. search more intensely (only for the transport)

2. search more effectively

Also, evidence that effects of workshop are driven by higher
return to skills.
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Effects on search at job boards

(a) Transport (b) Workshop
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Endline effects on search efficacy: offers/applications
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The workshop increases the returns to observable
skills

48 / 59



Prediction 3: They find direct evidence of improved
match quality

ITT Estimates
Control Transport Workshop

Outcome mean N Coeff Coeff

Longest tenure (months) 11.845 1,739 0.294 1.197*
(0.561) (0.619)

Current job tenure (months) 21.326 1,383 0.199 -0.539
(1.165) (0.977)

Promoted in current job 0.190 1,383 0.022 0.006
(0.025) (0.023)

Uses skills in current job 0.323 2,016 0.032 0.082**
(0.040) (0.040)

Earnings conditional on working 2,209.3 1,383 195.0 370.4**
(143.1) (157.6)
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Explaining the long-run earnings effect

They use mediation analysis to study whether the earning
effects are indeed mediated by the gains in match quality.

They identify the ‘average controlled direct effect’ (Acharya et al.
2016) through sequential estimation:

ACDE(a; a′; m) = E[Yi(a; m)− Yi(a′; m)] (1)

→ Comparing the ATE and ACDE gives us the share of impact
that is due to variation in the mediator.

To identify the ACDE, one needs to assume sequential
unconfoundedness.
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Most of the earning effect is mediated by
match-quality proxies
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Prediction 4: The workshop benefits the most
disadvantaged

Covariate = 0 Covariate = 1

Control Trans. Works. Control Trans. Works.
Baseline covariate mean mean

Tertiary Ed.n 826.4 15.1 470.9** 1,835.1 54.2 37.3
(124.4) (188.1) (159.9) (149.8)
[1.000] [0.034] [1.000] [0.993]

Male 1,181.9 -40.0 132.1 1,892.4 104.7 475.5*
(110.0) (116.4) (179.3) (245.1)
[1.000] [0.087] [1.000] [0.363]

Active searcher 1,442.2 3.1 351.9* 1,625.8 62.5 235.5
(132.7) (188.9) (160.0) (183.1)
[1.000] [0.050] [1.000] [0.663]

Ever perm. job 1,465.8 40.2 356.5*** 1,975.7 -42.3 -288.7
(104.7) (136.7) (367.8) (350.3)
[1.000] [0.034] [1.000] [0.696]

Close to centre 1,468.8 41.8 406.2** 1,606.3 52.2 141.9
(151.0) (196.9) (143.0) (150.3)
[1.000] [0.042] [1.000] [0.696]

Pred. earnings 930.8 123.1 467.1*** 2250.4 -226.4 -99.0
(above the median) (115.5) (170.3) (227.8) (224.1)
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(110.0) (116.4) (179.3) (245.1)
[1.000] [0.087] [1.000] [0.363]
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Pred. earnings 930.8 123.1 467.1*** 2250.4 -226.4 -99.0
(above the median) (115.5) (170.3) (227.8) (224.1)
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→ Overall, the results are consistent with a simple framework
focused on two frictions:

1. uncertainty about skills;

2. costly job search.
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What about the impacts on the untreated?
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Abebe et al 2024 show evidence of worker
overconfidence
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https://www.stefanocaria.com/_files/ugd/e9b89f_816e873abb904e299d956e34dd107223.pdf


... but also of employer misperceptions
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Other papers with similar findings on the worker side:
• Banjeree and Sequiera
• Bassi et al
• Kiss et al.
• Alfonsi and Spaziani
• Chakravoty et al.
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https://drive.google.com/file/d/1pLJl-q5UePMqM2WrGO6K3RC4_vgEiPGv/view
https://www.dropbox.com/scl/fi/r9erjukd28rldufvesfp3/Job_Search.pdf?rlkey=zxwt28q2zuyj2zhd2grtfb1m4&e=1&dl=0
https://github.com/Luthor113/papers/blob/main/comparative_advantage_beliefs_and_misdirected_search.pdf
https://papers.saraspaziani.com/MYF_Paper.pdf
https://www.sciencedirect.com/science/article/pii/S0304387824000221?via%3Dihub
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• Bandiera et al. (2022). Economic Development and the
Organisation Of Labour: Evidence from the Jobs of the
World Project. Journal of the European Economic
Association 20, no. 6 (2022): 2226-2270.

• Alfonsi et al 2020 Tackling youth unemployment: Evidence
from a labor market experiment in Uganda. Econometrica
88, no. 6 (2020): 2369-2414.

• Abebe et al. 2021 Anonymity or distance? Job search and
labour market exclusion in a growing African city. The
Review of Economic Studies 88, no. 3 (2021): 1279-1310.
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https://academic.oup.com/jeea/article/20/6/2226/6763595?login=false
https://onlinelibrary.wiley.com/doi/pdf/10.3982/ECTA15959
https://academic.oup.com/restud/article-abstract/88/3/1279/5912023
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